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ABSTRACT 

Inflation is a general and continuous increase in prices of goods and services over a certain period.  
Nonparametric regression analysis can be used to model inflation data that does not form a 
particular pattern. This study applies a local polynomial nonparametric method to model the rate 
of change rate in the inflation over a period considering two factors influencing inflation: the rate 
of change in the BI interest rate and the rate of change rate in the money supply from the previous 
period. The bivariate local polynomial method estimates the nonparametric regression function 
by considering the optimum Gaussian kernel bandwidth and polynomial order using the Taylor 
series expansion and WLS estimator. The optimal local polynomial nonparametric regression 
model was obtained based on a minimum GCV value of  0.015108 with two optimum Gaussian 
kernel bandwidth values of 0.1 and 0.03 in polynomial order of 1. The best model had a MAPE 
value of 3.45%, showing that all the prediction models were highly accurate. The benefits gained 
are additional information and consideration for determining monetary policy, especially 
inflation in Indonesia, by determining the BI interest rate and money supply. 
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INTRODUCTION 

Inflation is a general and continuous increase in prices. The concepts of persistent 
price increases (sustained upward trend) and price increases occurring across all 
categories of products and services are important in this context (general price level 
movements). High and fluctuating inflation rates are indicators of economic instability, 
leading to a sustained increase in the cost of goods and services and a rise in poverty 
levels. High inflation rates make people unable to meet their daily needs, and high prices 
for goods and services increase poverty. 

Some factors can influence the level of inflation. One factor influencing the inflation 
rate is the amount of money circulating in society. Other factors are interest rates and the 
dollar exchange rate. Previous research concluded that inflation can occur due to money 
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supply, BI interest rates, unemployment rates, and foreign exchange rates. Several factors, 
such as the foreign exchange rate, are important economic indicators as they significantly 
impact various aspects of the economy. The BI interest rate, known as the reference 
interest rate, reflects the monetary policy stance determined and announced by Bank 
Indonesia [1]. Lastly, the money supply is the multiplying base money by the multiplier 
result. The money supply benefits inflation because when it increases too much, prices 
will increase more than they should, ultimately hindering economic growth. Inflation 
factors, namely foreign exchange rate, BI interest rate, and money supply, have been put 
forward by several researchers: [2], [3], [4], [5], [6], [7], [8], [9], [10], [11] 

Nonparametric regression is regression without using assumptions and rules like 
parametric regression. So, nonparametric regression is more flexible than parametric 
regression. Several researchers with various estimator methods have widely used 
nonparametric regression. One of the estimator methods used for nonparametric 
regression modelling is the local polynomial because the local polynomial estimator 
method is still rarely used in Indonesia to predict inflation levels. The local polynomial 
estimator depends on the fitted local polynomial order and a smoothing parameter called 
the optimum bandwidth. This method can increase variance and reduce bias if it is 
suitable for higher orders and smaller bandwidths bandwidths [12], [13], [14]. It also 
reduces the variance and increases the bias if the order is getting lower and the bandwidth 
is large. It could solve the pattern of inflation rate data with high fluctuations. The 
Gaussian Kernel is used as a weight because this function is considered smoother [15]. 

Local polynomial has several advantages, such as reducing asymptotic bias and 
producing good estimates. Local polynomial estimators can be utilised by minimising 
Weighted Least Squares (WLS). In local polynomial regression, the bandwidth determines 
how smooth the function is. The Generalized Cross-Validation (GCV) method can 
determine the optimal bandwidth, known from the minimum GCV value, as seen in the 
work [10]. 

Based on previous research described above, research has yet to be found that uses 
nonparametric regression on time series data, especially with local polynomial estimators 
and Gaussian kernel functions. Therefore, in this study, the author continues to use 
regression on time series data, namely the rate of change in inflation over a period as a 
response variable, with the predictor variables being the rate of change in the BI interest 
rate and the rate of change in the money supply from the previous period using a bivariate 
local polynomial estimator approach with a function Gaussian kernel. 

 

METHODS  

Data 
Secondary data is used in this study, which is research data that researchers obtain 

indirectly from the media. This study uses the inflation data in Indonesia, the BI interest 
rate,  and the amount of money in society circulation (money supply) from January 2013 
to August 2024. The data used is divided into two variables: the rate of change in the 
inflation over a period as a response or dependent variable (Y) and the rate of change in 
the BI interest rate and the rate of change in the money supply from the previous period 
as the predictor or independent variables (X1 and X2). 
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Research Stages  
1. Perform descriptive statistics on each data variable used to determine the 

characteristics of the data used. 
2. Carry out the rescaling process using the min-max normalisation method, followed by 

creating a scatter plot to determine the distribution pattern of the research data. 
3. Simulation of GCV combination of bandwidth and order to the training data. 
4. Determine the optimum bandwidth value and polynomial order based on the minimum 

GCV value.  
5. Carry out local polynomial nonparametric regression modelling based on optimum 

order and bandwidth using the Kerner Gaussian function.  
6. Test the model's accuracy by calculating MAPE to the testing data. 
7. Predict the inflation value in the next period using the best model. 
 
Nonparametric Regression 

Nonparametric type regression is used to estimate a model of the relationship 
between dependent variables or responses to predictor variables that are not tied to 
assumptions about certain curve shapes or function patterns. The general form of 
nonparametric regression is fundamental [16], 

   , 1,2,...,t t ty f x t n    (1) 

where: 
yt : response (dependent) variable on the t-th observation 
f (.) : unknown smoothing function 
xt : predictor (independent) variable on the t-th observation 
εt : regression error on the t-th observation 
 
Weighted Least Square Estimator 

In the Ordinary Least Square (OLS) method, errors are assumed to be identical or 
homogeneous in the residual variance. The Weighted Least Square (WLS) method can be 
used when the OLS assumption of constant variance in error is not met or is called 
heteroscedasticity. Suppose the parametric regression, 

 y X    (2) 

and W is the variance-covariance matrix of the regression error, which is not constant 
(heteroscedasticity), then the form of the WLS estimator for Eq. (2) is [17], 

  
1

T TX W X X W y


  (3) 

 
Bivariate Gaussian Kernel Function 

The bivariate Gaussian kernel function with two different bandwidth values is 
defined as [18] 
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Bivariate Taylor Series 
The approximation of the bivariate function value x1 around a1 and x2 around a2 

using the bivariate Taylor series expansion with a p-order local polynomial is [19], 
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 (5) 

 
Optimum Bandwidth Selection 

Bandwidth is a smoothing parameter that controls the estimated curve's 
smoothness [20]. Selecting an appropriate bandwidth (smoothing parameter) is an 
important part of nonparametric regression. It is generally known that the main problem 
in kernel smoothing lies not in kernel selection but in bandwidth selection. If the 
bandwidth chosen is too small, it will produce estimates that are not smooth (under 
smooth); conversely, if the bandwidth chosen is too large, it will produce very smooth 
estimates (over smooth) that do not match the data distribution pattern. So, the optimal 
bandwidth value must be chosen to produce the best estimate. The aim of curve 
estimation is not only to obtain a smooth curve but also to have a manageable error rate. 
Based on this, choosing the optimal bandwidth value is necessary to obtain a smooth 
curve with minimum error. 

The choice of bandwidth value plays an important role in determining the best 
model in nonparametric regression. Optimisation techniques to select the optimum 
bandwidth value can be used by the GCV (Generalized Cross-Validation) methods [21], 
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with 

 µ  
1 2 1 2, 1 2 ,,t h h t t h h ty f x x A y   (7) 

 
Accuracy of Nonparametric Models 

A model can be called a good one in regression analysis if it can produce accurate 
data estimates. The measure of model goodness as an evaluation of the prediction model 
can use the Mean Absolute Percentage Error (MAPE) [22], 
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The level of model accuracy according to the MAPE values is categorised in Table 1. 

Table 1. MAPE Value Interpretation 
MAPE Value Interpretation 

< 10 % High Accuracy 
10 % – 20 % Good Accuracy 
20 % – 50 % Enough Accuracy 

> 50 % No Accurate 
 

RESULTS AND DISCUSSION  

Correlation Analysis 

The data pattern between the response variable and the predictor variables used 
can be identified based on the scatter plot results. This research produces a scatter plot 
that does not show a particular pattern, so the data used is very suitable for application 
with nonparametric regression. The following is presented regarding the scatter plot 
results between two predictor variables and a response variable: 

 
Figure 1. Data correlation scatter plot 

Based on Figure 1, the distribution of the rate of change in inflation over a period 
(dYt) with the rate of change in the BI interest rate from the previous period (dX1t-1) and 
the rate of change in the money supply from the previous period (dX2t-1) on the graph 
does not form a trend or pattern with. It can be proven that the correlation coefficients 
between them are not significant. A kernel estimator must be used in the nonparametric 
regression function with the Gaussian Kernel approach to find the relationship between 
the predictor and response variables. 

Estimation of Nonparametric Regression Model Using Local Polynomial  

Estimation of a nonparametric regression model with two predictor variables using 
a local polynomial is an approximation of an unknown function value x1 around a1 and x2 
around a2 using the bivariate Taylor series expansion. Substituting Eq.(5) to Eq.(1) yields, 
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The parameter value (λij) depends on the point ai and aj called the local points. These 
parameters can be estimated using the WLS method with a kernel-weighted function that 
minimises the sum squared error (SSE) function, 

 
1 2

2

1 1 2 2 , 1 1 2 2

1 0 0

( ) ( ) ( , )
p p in

i j

t ij t t h h t t

t i j

S y x a x a K x a x a


  

 
      

 
   (10) 

or it can be simplified in matrix form to, 

    
T

S Y X K Y X     (11) 

which can be solved using Eq. (3) as, 

  
1

T TX K X X KY


  (12) 

with K is a diagonal matrix of Eq.(4), 
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 (13) 

Implementation of Nonparametric Regression Model Using Local Polynomial  

Implementation of a nonparametric regression model using a local polynomial to 
the rate of change in the inflation over a period as response variable (Y) with the rate of 
change in the BI interest rate from the previous period as the first predictor variable (X1) 
and the rate of change in the money supply over the previous period as the second 
predictor variable (X2), with differing bandwidth value and order of local polynomial 
between the predictor variables. The simulation order of local polynomials 1, 2, and 3, 
with each simulation using bandwidth values in the interval of 0.01 to 0.1 for each 
predictor, yields the optimum bandwidth for each predictor variable, determined by the 
minimum GCV value using Eq.(6) obtained 0.015108, in the local polynomial order 1 with 
a bandwidth value of 0.1 for the first predictor and 0.03 for the second predictor. So, it 
yields the best model, 

    0 1 1 1 1 2 2 1 2t t t ty x a x a           (14) 

for 1 1 1 0.1tx a   and 2 1 2 0.03tx a    with parameters estimator values using Eq.(12) for 

each local point as Figure 2. 
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Figure 2. Parameters estimator values 

The result of nonparametric regression on a local polynomial of order 1 to the 
training data (March 2013 to June 2021) with each data value as a local point is shown in 
Figure 3. The implementation result of the testing data (July 2021 to August 2024) is 
shown in Figure 4, with the MAPE value using Eq.(8) resulting in 3.45%, so it can be said 
that the model is highly accurate because it is less than 10%. 

 
Figure 3. Nonparametric regression to training data 

 

 
Figure 4. Nonparametric regression to testing data  

 
CONCLUSIONS 

It obtained two results based on the implementation result of the local polynomial 
nonparametric regression to the inflation model in Indonesia. The best model is on the 
local polynomial order of 1 with an optimum bandwidth value of  0.1 for the rate of change 
in the BI interest rate from the previous period and 0.03 for the rate of change in the 
money supply from the previous period with a minimum GCV value of 0.015108. The 
accuracy of the model is classified as high, as indicated by the MAPE value of 3.45%.  



 Local Polynomial Estimator in Nonparametric Model of  Inflation in Indonesia 

Abdul Aziz 8 

REFERENCES 
 
[1] L. Rafika and G. Kusuma Wardana, “Influence Inflation, BI Rate, Ratio Profit 

Sharing, GDP Against Mudharabah Savings At Islamic Commercial Banks,” in 
ICONIES, Malang: Faculty of Economics UIN Maulana Malik Ibrahim, 2023. 

[2] A. Salim and A. Purnamasari, “Pengaruh Inflasi Terhadap Pertumbuhan Ekonomi 
Indonesia,” Ekonomica Sharia: Jurnal Pemikiran dan Pengembangan Ekonomi 
Syariah, vol. 7, no. 1, Aug. 2021, doi: https://doi.org/10.36908/esha.v7i1.268. 

[3] H. Y. Kalalo, T. Oldy Rotinsulu, and M. B. Th Maramis, “Analisis Faktor-Faktor Yang 
Mempengaruhi Inflasi Di Indonesia Periode 2000-2014,” Jurnal Berkala Ilmiah 
Efisiensi, vol. 16, no. 01, pp. 706–717, 2016, Accessed: Jan. 20, 2025. [Online]. 
Available: 
https://ejournal.unsrat.ac.id/index.php/jbie/article/viewFile/11653/11245 

[4] N. Agusmianata, T. Militina, and D. Lestari, “Pengaruh Jumlah Uang Beredar Dan 
Tingkat Suku Bunga Serta Pengeluaran Pemerintah Terhadap Inflasi Di 
Indonesia,” FORUM EKONOMI, vol. 19, no. 2, p. 2017, 2017, doi: 
http://dx.doi.org/10.29264/jfor.v19i2.2125. 

[5] T. Nur and M. Alfon, “Analisis Faktor-Faktor Yang Mempengaruhi Inflasi Di 
Indonesia Periode 2005-2014 (Pendekatan Error Correction Model),” ESENSI, vol. 
18, no. 2, 2015, [Online]. Available: 
https://www.researchgate.net/publication/342302670 

[6] T. M. Langi, V. Masinambow, and H. Siwu, “Analisis Pengaruh Suku Bunga Bi, 
Jumlah Uang Beredar, Dan Tingkat Kurs Terhadap Tingkat Inflasi Di Indonesia,” 
Jurnal Berkala Ilmiah Efisiensi, vol. 14, no. 2, pp. 44–58, May 2014. 

[7] F. Andrianus and A. Niko, “Analisa Faktor-faktor Yang Mempengaruhi Inflasi Di 
Indoesia Periode 1997:3 - 2005:2,” Ekonomi Pembangunan, Kajian Ekonomi 
Negara Berkembang, vol. 11, no. 2, pp. 173–186, Aug. 2006, doi: 
https://doi.org/10.20885/ejem.v11i2.533. 

[8] A. Zulfikar, T. Suharti, and D. Yudhawati, “Pengaruh Kurs Valuta Asing Dan Inflasi 
Terhadap Pendapatan Ekspor,” Jurnal Ilmu Manajemen “Manager”, UIKA Bogor, vol. 
2, no. 4, pp. 475–486, 2019, doi: https://doi.org/10.32832/manager.v2i4.3793. 

[9] E. Wahyudi, “Pengaruh Suku Bunga Bank Indonesia (Bi Rate) Dan Produk 
Domestik Bruto (PDB) Terhadap Laju Inflasi di Indonesia Periode Tahun 2000.1-
2013.4,” Jurnal Ilmiah Fakultas Ekonomi dan Bisnis, 2014, Accessed: Jan. 21, 2025. 
[Online]. Available: https://jimfeb.ub.ac.id/index.php/jimfeb/article/view/1214 

[10] B. Nugraha, “Regresi Nonparametrik Polinomial Lokal Untuk Memodelkan Inflasi 
di Indonesia,” UIN Maulana Malik Ibrahim Malang, Malang, 2023. Accessed: Jan. 21, 
2025. [Online]. Available: http://etheses.uin-malang.ac.id/53953/ 

[11] N. I. Sari, “Faktor-Faktor Ekonomi Yang Mempengaruhi Inflasi Di Jawa Timur,” 
Jurnal Pendidikan Ekonomi (JUPE), vol. 1, no. 1, 2013, doi: 
http://dx.doi.org/10.37859/jae.v10i1.1917. 

[12] N. Chamidah, “Inferensi Kurva Regresi Nonparametrik Berdasarkan Estimator 
Polinomial Lokal Dengan Error Lognormal,” Jurnal Penelitian Med. Eksakta, vol. 7, 
no. 1, pp. 61–69, Apr. 2008, Accessed: Jan. 21, 2025. [Online]. Available: 
https://repository.unair.ac.id/42757/ 

[13] J. Hendrian, S. Suparti, and A. Prahutama, “Pemodelan Harga Emas Dunia 
Menggunakan Metode Nonparametrik Polinomial Lokal Dilengkapi GUI R,” Jurnal 
Gaussian, vol. 10, no. 4, pp. 604–616, 2021, doi: 
https://doi.org/10.14710/j.gauss.10.4.605-616. 



 Local Polynomial Estimator in Nonparametric Model of  Inflation in Indonesia 

Abdul Aziz 9 

[14] S. Suparti and A. Prahutama, “Pemodelan Regresi Nonparametrik Menggunakan 
Pendekatan Polinomial Lokal Pada Beban Listrik di Kota Semarang,” Media 
Statistika, vol. 9, no. 2, p. 85, Jan. 2016, doi: 10.14710/medstat.9.2.85-93. 

[15] S. M. Amien, Penggunaan Kernel Uniform, Gaussian Dan Triangle Pada Analisis Path 
Nonparametrik Polinomial Lokal. repository.ub.ac.id, 2020. [Online]. Available: 
http://repository.ub.ac.id/183356/ 

[16] S. Ghosal and A. van der Vaart, Fundamentals of Nonparametric Bayesian Inference. 
United Kingdom: Cambridge University Press, 2017. [Online]. Available: 
www.cambridge.org/statistics. 

[17] H. Basri, “Pemodelan Regresi WLS Untuk Data Dalam Studi Kecerdasan 
Emosional,” Journal of Early Childhood Education, Educhild, no. 2, 2020, doi: 
http://dx.doi.org/10.30863/educhild.v2i2.1315. 

[18] J. E. Chacón and T. Duong, Multivariate Kernel Smoothing and Its Applications. 
Taylor & Francis Group, 2018. doi: https://doi.org/10.1201/9780429485572. 

[19] L. Hörmander, The Analysis of Linear Partial Differential Operators I. New York: 
Springer, 2003. doi: http://dx.doi.org/10.1007/978-3-642-46175-0. 

[20] M. Isiler, M. Yanalak, M. E. Atik, S. O. Atik, and Z. Duran, “A Semi-Automated Two-
Step Building Stock Monitoring Methodology for Supporting Immediate Solutions 
in Urban Issues,” Sustainability (Switzerland), vol. 15, no. 11, Jun. 2023, doi: 
https://doi.org/10.3390/su15118979. 

[21] L. P. Safitri Pratiwi, N. P. M. Ayuningsih, and I. M. P. P. Wijaya, “Perbandingan 
Metode CV dan GCV pada Pemodelan MARS (Aplikasi Rata-Rata Lama Sekolah di 
Kabupaten Gianyar),” SAINTIFIK, vol. 8, no. 2, pp. 114–122, Jul. 2022, doi: 
https://doi.org/10.31605/saintifik.v8i2.371. 

[22] D. C. Montgomery, C. L. Jennings, and M. Kulahci, Introduction To Time Series 
Analysis And Forecasting, 2nd ed. New Jersey: John Wiley &Sons, Inc, 2015. 

  

 


