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Abstract

Smoking behavior is a harmful habit that poses serious health risks and has been regarded as a
lifestyle by society, regardless of age, gender, or social status. This study develops and analyzes
a mathematical model of smoking behavior that classifies between conventional smokers and
e-cigarette smokers, incorporates interaction with lung cancer patients, and considers the
saturation effect on potential smokers as the number of smokers in the population increases.
The method is determining assumptions to create a compartment diagram and construct the
model. This model has four equilibrium points. The results show that when R01 < 1, R02 < 1,
the smoker-free equilibrium point is asymptotically stable. When R01 < 1, R02 > 1, the
endemic equilibrium point of e-cigarette smokers becomes asymptotically stable. When
R01 > 1 and R02 < 1, the endemic equilibrium point of conventional smokers becomes
asymptotically stable. Meanwhile, when R01 > 1 and R02 > 1, the endemic equilibrium point
of conventional and e-cigarette smokers becomes asymptotically stable. Numerical simulations
show that the intensity of smoking transmission and saturation effects influence system
dynamics. When transmission rates from both conventional and e-cigarette smokers are lower,
the population transitions faster toward a smoker-free population. The saturation effect
towards conventional smokers and e-cigarette smokers plays an important role in reducing
the conventional and e-cigarette smokers in the human population.
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1. Introduction
Smoking behavior is a harmful habit that poses serious health risks and has been regarded as a
lifestyle by certain segments of society, regardless of age, gender, or social status. In Indonesia,
the prevalence of smoking among people aged 15 years and older remains very high. Statistics
Indonesia (Badan Pusat Statistik), reported that in 2025 at least 28.68% of the population aged
15 years and above were smokers [1]. Furthermore, according to the latest report from the Global
Youth Tobacco Survey (GATS) in 2021, 3.2% of smokers aged 20-34 years old started smoking
for the first time before 10 [2]. Along with the high prevalence of smoking, the behavior has also
changed over time, especially with alternative smoking products such as electronic cigarettes.

In the last decade, the emergence of electronic cigarettes has slightly changed smoking
behavior patterns in society, especially among adolescents [3], [4]. Jerzyński and Stimson, in their
research, assumed that in 2021 there were approximately 82 million electronic cigarette users
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worldwide, showing a rapid increase compared to its initial introduction in 2006 [5]. Electronic
Nicotine Delivery Systems (ENDS), often referred to as e-cigarettes or vapes, are battery-powered
devices that convert liquid into aerosol vapor. Although these products are often perceived as
more appealing due to claims of being safer, offering greater variety, and posing lower health
risks, several studies have shown that their use is associated with the initiation of conventional
smoking behavior, particularly among adolescents [6], [7]. Moreover, smoking behavior is also
often perceived as a means of reducing social and academic stress [8].

Despite the perception that electronic cigarettes are safer than conventional cigarettes, both
products remain major risk factors for various non-communicable diseases, particularly lung
cancer. Data from the Global Cancer Observatory (GLOBOCAN) report compiled by the
International Agency for Research on Cancer (IARC), show that in 2022 Indonesia recorded
34,339 deaths due to lung cancer, making it the leading cause of cancer-related mortality at
14.1%, followed by liver cancer (9.6%) and breast cancer (9.3%) [9]. More than 80% of lung
cancer cases are caused by smoking, making it the primary and largely preventable cause of lung
cancer deaths [10]. Although further research is still required, exposure to electronic cigarettes
has also been strongly associated with indicators of cancer risk [11].

These risks highlight the critical importance of preventing smoking behavior. One approach
that can be considered is the saturation effect, which refers to a reduction in individual’s
motivation to start smoking as they become saturated with smokers in their surroundings. Such
an effect may serve as a preventive strategy to reduce smoking behavior and lung cancer deaths
associated with cigarette consumption.

Mathematical modeling has been widely applied to various problems. The SIR model was
first introduced by Kermack and McKendrick in 1927, and it was initially used more often to
model infectious diseases [12]. Currently, the SIR model has been developed to model other
problems in life. For instance, Zakiyyah developed the SVPR model to analyze the dynamics of
sexual violence by considering recidivist perpetrators [13]. Juhari modified the mathematical
model of social media addiction by dividing it into mild and severe levels [14]. Furthermore,
Zulaikha dan Putri examined the mathematical stability of the impact of bullying on students’
mental health using the SEIR model [15].

Many researchers have also modeled smoking behavior. Meghatria and Belhamiti conducted
research to develop a model of smoking behavior in social networks and the risk of developing
lung cancer, by dividing the population into potential smokers, smokers, lung cancer patients
due to smoking, and individuals who quit smoking [16]. However, their study did not consider
the smokers classification and the recovery from lung cancer. Permatasari modeled the spread
of lung cancer due to cigarette smoke with the influence of chemotherapy treatment using the
SEITR model and classified smokers into light and heavy smokers [17]. Noersena divided smokers
into tobacco smokers and electronic cigarette smokers. The mathematical model consisted of four
subpopulations: susceptible individuals S(t), tobacco smokers It(t), electronic cigarette smokers
Ie(t), and individuals who have quit smoking R(t). Noersena developed a smoking behavior
model by distinguishing between tobacco smokers and electronic cigarette smokers and analyzing
optimal control strategies [18]. However, their study only focuses on the dynamics of smoking
behavior without including the impact of diseases such as lung cancer.

Furthermore, Naji and Thirthar developed a SIS-type disease model considering saturated
incidence and saturated treatment. Researchers showed that the saturation effect changes the
dynamics of the system [19]. However, the study consisted of only two subpopulations: the
susceptible population S(t) and the infected population I(t).

Based on the previous literature, the studies focus either on smoking behavior dynamics or
smoking-related diseases separately. Therefore, the objective of this study is to develop and
analyze a mathematical model of smoking behavior that classifies between conventional smokers
and e-cigarette smokers, incorporates interaction with lung cancer patients, and considers the
saturation effect on potential smokers as the number of smokers in the population increases.
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Empirical evidence indicates that dual use between conventional cigarettes and e-cigarettes does
occur in real populations. However, several population studies report that the proportion of
persistent dual users remains relatively limited in adult smokers [20], [21]. Considering that
most adult smokers tend to maintain stable consumption patterns over the long term and do not
engage in sustained dual use, this study classifies conventional cigarette smokers and e-cigarette
users into two mutually exclusive groups representing their respective smoking behaviors. This
approach enables a clear analytical study of the existence and stability of equilibrium point.
Transitions between smoking products (dual use) are not included in the present model and are
left for future research.

The model is expected to provide a more realistic representation of smoking behavior and
provide insight into the role of saturation effects as a potential approach for reducing smoking
initiation and the risk of lung cancer associated with smoking.

2. Methods
This study is literature-based research aimed at developing a mathematical model that describes
the behavior of conventional smokers and e-cigarette smokers. The model is formulated as a
system of nonlinear ordinary differential equations, based on the assumptions and constraints.

The first step is to conduct a literature study to determine the assumptions, parameters, and
constraints used in the research. The second step is to formulate assumptions and constraints to
simplify the problem. The third step, is to create a compartment diagram and construct a smoking
behavior model into a nonlinear ordinary differential equation system with the assumptions and
constraints determined. The next step is to analyze the equilibrium points. Subsequently, the
basic reproduction number (R0) is determined using the Next Generation Matrix. The next step
is to analyze the stability of each equilibrium point by linearizing the system using the Jacobian
matrix, then analyze the stability using its eigenvalues and basic reproduction number (R0).
Furthermore, numerical simulations are generated using MATLAB, to visualize the population
dynamics. Finally, conclusions are drawn based on the analytical and numerical results of the
study.

3. Result and Discussion
This section presents the main analytical and numerical results of the proposed smoking behavior
model. We begin by formulating the model and describing its underlying assumptions, then
proceed to derive the equilibrium points, analyze their stability, and discuss the implications of
the numerical simulations.

3.1. Model Formulation
The population is divided into six subpopulations: susceptible or potential smokers S(t), con-
ventional smokers IK(t), e-cigarette smokers IE(t), individuals who have quit smoking R1(t),
smokers with lung cancer P (t), and smokers who have recovered from lung cancer R2(t).

We assume that,
1. recruitment into the population occurs through births at a constant rate α,
2. all compartments experience natural mortality at a rate µ,
3. smokers with lung cancer also experience mortality rates caused by the disease at a rate µp,
4. susceptible or potential smokers may initiate conventional or e-cigarette smoking through

contact with smokers at transmission rates η1 and η2,
5. susceptible or potential smokers experience saturation effects towards conventional and

e-cigarette smokers, respectively characterized by parameters β1 and β2,
6. transitions between conventional and e-cigarette smoking are not permitted,
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7. conventional smokers and e-cigarette smokers quit smoking and move to the quit smoking
class at proportion δ and proportion ϵ,

8. conventional and e-cigarette smokers moving to the quit smoking class at rates ξ1 and ξ2
or through interactions with lung cancer patients at rates ζ1 and ζ2,

9. conventional and e-cigarette smokers may develop lung cancer at rates m and n, with
proportions 1 − δ and 1 − ϵ,

10. individuals with lung cancer may recover at rate λ,
11. individuals who have quit smoking may relapse to the susceptible or potential smokers

class at rate θ, and
12. all the parameter values are positive.

With these assumptions, the following compartment diagram can be constructed as given
in Fig. 1. Based on the compartment diagram in Fig. 1, conventional and e-cigarette smoking

Fig. 1: Compartment Diagram of Smoking Behavior Model

behavior can be modeled by the nonlinear ordinary differential equation system given in Eqs. (1):
dS

dt
= α − η1SIK

1 + β1IK
− η2SIE

1 + β2IE
+ θR1 − µS,

dIK

dt
= η1SIK

1 + β1IK
− δ(ξ1IK + ζ1IKP ) − m(1 − δ)IK − µIK ,

dIE

dt
= η2SIE

1 + β2IE
− ϵ(ξ2IE + ζ2IEP ) − n(1 − ϵ)IE − µIE ,

dR1
dt

= δ(ξ1IK + ζ1IKP ) + ϵ(ξ2IE + ζ2IEP ) − θR1 − µR1,

dP

dt
= m(1 − δ)IK + n(1 − ϵ)IE − λP − µP − µpP,

dR2
dt

= λP − µR2.

(1)

The model is subject to non-negative initial conditions, S(0) ≥ 0, IK(0) ≥ 0, IE(0) ≥
0, R1(0) ≥ 0, P (0) ≥ 0, R2(0) ≥ 0. N(t) = S(t) + IK(t) + IE(t) + R1(t) + P (t) + R2(t) denote
the total human population at time t.

Theorem 1. All solutions S(t), IK(t), IE(t), R1(t), P (t), R2(t) of system Eqs. (1) with
non-negative initial conditions remains non-negative for all t ≥ 0.
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Proof. From system Eqs. (1) we have,

dS

dt

∣∣∣∣
S=0

= α + θR1 ≥ 0,

dIK

dt

∣∣∣∣
IK=0

= 0,

dIE

dt

∣∣∣∣
IE=0

= 0,

dR1
dt

∣∣∣∣
R1=0

= δ(ξ1IK + ζ1IKP ) + ϵ(ξ2IE + ζ2IEP ) ≥ 0,

dP

dt

∣∣∣∣
P =0

= m(1 − δ)IK + n(1 − ϵ)IE ≥ 0,

dR2
dt

∣∣∣∣
R2=0

= λP ≥ 0.

It indicates that all rates are non-negative on the boundary of R6
+. Hence, the solutions are

confined to the positive region whenever the initial condition is in the non-negative region
R6

+. □

Theorem 2. All solutions of system Eqs. (1) are bounded for all t ≥ 0.

Proof. Let N(t) = S(t) + IK(t) + IE(t) + R1(t) + P (t) + R2(t) be the total population.
Summing all model equations yields

dN

dt
= α − µN − µpP

Since P (t) ≥ 0 and µp > 0, it follows that −µpP ≤ 0, we obtain

dN

dt
= α − µN − µpP ≤ α − µN

Consider the comparison equation

dN1
dt

= α − µN1, N1(0) = N(0)

whose solution is
N1(t) = α

µ
+ ke−µt, for k constant

Since N1(0) = N(0) it follows N(0) = α
µ + k, for k constant. Hence, we have

N1(t) = α

µ
+
(

N(0) − α

µ

)
e−µt

By the standard comparison theorem for differential equations, it implies that N(t) ≤ N1(t)
for all t ≥ 0. Consequently,

0 ≤ N(t) ≤ max
{

N(0), α

µ

}
In particular,

lim sup
t→∞

N(t) ≤ α

µ
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Therefore, all solutions remain in the positively invariant region

Ω =
{

(S, IK , IE , R1, P, R2) ∈ R6
+ : 0 ≤ S + IK + IE + R1 + P + R2 ≤ α

µ

}
.

and the system is bounded, ensuring that population dynamics remain realistic over time. □

The descriptions of the parameters in system Eqs. (1) are provided in Table 1.

Table 1: Parameter Descriptions

Parameter Description Unit
α Recruitment rate individual/day
µ Natural death rate day−1

η1 Transmission rate of potential smokers to conventional smokers (individual · day)−1

η2 Transmission rate of potential smokers to e-cigarette smokers (individual · day)−1

δ Proportion of conventional smokers who quit smoking -
1 − δ Proportion of conventional smokers who develop lung cancer -
β1 Saturation rate of potential smokers toward conventional smoking individual−1

ξ1 Quitting rate from conventional smokers moving to the quit smok-
ing class

day−1

ζ1 Quitting rate from conventional smokers moving to the quit smok-
ing class due to interactions with lung cancer patients

(individual · day)−1

ϵ Proportion of e-cigarette smokers who quit smoking -
1 − ϵ Proportion of e-cigarette smokers who develop lung cancer -
β2 Saturation rate of potential smokers toward e-cigarette smoking individual−1

ξ2 Quitting rate from e-cigarette smokers moving to the quit smoking
class

day−1

ζ2 Quitting rate from e-cigarette smokers moving to the quit smoking
class due to interactions with lung cancer patients

(individual · day)−1

m Incidence rate of lung cancer in conventional smokers day−1

n Incidence rate of lung cancer in e-cigarette smokers day−1

λ Recovery rate of lung cancer patients day−1

µp Lung cancer-induced death rate day−1

θ Relapse rate from quit smoking class to the potential smokers class day−1

3.2. Equilibrium Point and Basic Reproduction Number
Equilibrium point of system Eqs. (1) is obtained when the population remains constant over
time, such that

dS

dt
= dIK

dt
= dIE

dt
= dR1

dt
= dP

dt
= dR2

dt
= 0.

Based on the constructed mathematical model, four equilibrium points are obtained: the
smoker-free equilibrium point, the endemic equilibrium point of e-cigarette smokers, the endemic
equilibrium point of conventional smokers, and the endemic equilibrium point of both conventional
and e-cigarette smokers.

3.2.1. The Smoker-free Equilibrium Point
The smoker-free equilibrium point represents a critical state where the population is entirely free
from smokers, both conventional smokers and e-cigarette smokers. By assuming IK = IE = 0
and substituting these values into system Eqs. (1), the smoker-free equilibrium point is obtained
as follows.

E(0) =
(
S(0), I

(0)
K , I

(0)
E , R

(0)
1 , P (0), R

(0)
2

)
=
(

α

µ
, 0, 0, 0, 0, 0

)
Before analyzing another equilibrium point, we derive the basic reproduction number (R0).

The basic reproduction number is obtained using the Next Generation Matrix [22]. In the (1),
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there are two infected compartments: the conventional smokers subpopulation (IK) and the
e-cigarette smokers subpopulation (IE).

dIK

dt
= η1SIK

1 + β1IK
− δ(ξ1IK + ζ1IKP ) − m(1 − δ)IK − µIK ,

dIE

dt
= η2SIE

1 + β2IE
− ϵ(ξ2IE + ζ2IEP ) − n(1 − ϵ)IE − µIE .

Let F represent the rate at which secondary infections increase the i-th infected compartment
and V represent the rate of transfer out of the i-th compartment. Then, we have

F =
(

f1
f2

)
=
(

η1SIK
1+β1IK
η2SIE

1+β2IE

)
(2)

V =
(

v1
v2

)
=
(

δ(ξ1IK + ζ1IKP ) + m (1 − δ) IK + µIK

ϵ(ξ2IE + ζ2IEP ) + n (1 − ϵ) IE + µIE

)
(3)

from Eq. (2) and (3), the matrices F and V are obtained

F =
(

∂f1
∂IK

∂f1
∂IE

∂f2
∂IK

∂f2
∂IE

)
=

 η1S

(1+β1IK)2 0
0 η2S

(1+β2IE)2


V =

(
∂v1
∂IK

∂v1
∂IE

∂v2
∂IK

∂v2
∂IE

)
=
(

δ(ξ1 + ζ1P ) + m (1 − δ) + µ 0
0 ϵ(ξ2 + ζ2P ) + n (1 − ϵ) + µ

)
and the V −1 is obtained

V −1 =
( 1

δ(ξ1+ζ1P )+m(1−δ)+µ 0
0 1

ϵ(ξ2+ζ2P )+n(1−ϵ)+µ

)

thus, the NGM matrix is obtained, as follows

K = FV −1 =

 η1S

(1+β1IK)2(δ(ξ1+ζ1P )+m(1−δ)+µ) 0
0 η2S

(1+β2IE)2(ϵ(ξ2+ζ2P )+n(1−ϵ)+µ)

 (4)

by substituting E(0) to matrix Eq. (4) and solving the characteristic equation by evaluating∣∣FV −1 − rI
∣∣ = 0, the eigenvalues are obtained:

R01 =
η1
(

α
µ

)
δξ1 + m (1 − δ) + µ

, R02 =
η2
(

α
µ

)
ϵξ2 + n (1 − ϵ) + µ

.

The basic reproduction number is defined as the spectral radius of the matrix, corresponding
to its dominant eigenvalue. Since the Next Generation Matrix is block-diagonal, its eigenvalues
are given by R01 and R02, which represent the reproduction numbers of conventional smokers
and e-cigarette smokers respectively. Hence,

R0 = max{R01, R02}

3.2.2. The Endemic Equilibrium point of E-cigarette Smokers
The endemic equilibrium point of e-cigarette smokers describes the state in which only e-
cigarette smokers are present in the population, while conventional smokers are eradicated.
This equilibrium point is characterized by IE ≠ 0 and IK = 0. This condition is expressed
as S(1) > 0, I

(1)
K = 0, I

(1)
E > 0, R

(1)
1 > 0, P (1) > 0, R

(1)
2 > 0. The endemic equilibrium point of

e-cigarette smokers is obtained as follows.
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E(1) =
(
S(1), I

(1)
K , I

(1)
E , R

(1)
1 , P (1), R

(1)
2

)
where

S(1) =

(
1 + β2I

(1)
E

) (
A0B + A1I

(1)
E

)
Bη2

,

I
(1)
K = 0,

I
(1)
E = I

(1)
E ,

R
(1)
1 =

ϵI
(1)
E

(
n(1 − ϵ)ζ2I

(1)
E + Bξ2

)
B (θ + µ) ,

P (1) = n(1 − ϵ)I(1)
E

B
,

R
(1)
2 = λn(1 − ϵ)I(1)

E

Bµ
.

with
A0 = ϵξ2 + n (1 − ϵ) + µ, A1 = ϵn (1 − ϵ) ζ2, B = λ + µ + µp.

Substituting all equilibrium expressions into dS
dt = 0 yields a quadratic equation in I

(1)
E ,

a2
(
I

(1)
E

)2
+ a1I

(1)
E + a0 = 0 (5)

where

a2 = −ϵn(1 − ϵ)ζ2
λ + µ + µp

+ θϵn(1 − ϵ)ζ2
(λ + µ + µp)(θ + µ) − µβ2ϵn(1 − ϵ)ζ2

η2 (λ + µ + µp) ,

a1 = −
(
ϵξ2 + n(1 − ϵ) + µ

)
+ θ ϵξ2

θ + µ
− µ

η2

(
ϵn(1 − ϵ)ζ2
λ + µ + µp

+ β2(ϵξ2 + n(1 − ϵ) + µ)
)

,

a0 = α − µ

η2

(
ϵξ2 + n(1 − ϵ) + µ

)
.

For the solution to have biologically feasible solution, I
(1)
E > 0 is required. Therefore, I

(1)
E is the

positive solution of the Eq. (5),

I
(1)
E =

−a1 +
√

a2
1 − 4a2a0

2a2

The coefficient a2 can be rewritten as,

a2 = ϵn(1 − ϵ)ζ2
λ + µ + µp

(
−1 + θ

θ + µ
− µβ2

η2

)
Since, all the parameter values are positive, we have 0 < θ

θ+µ < 1 it follows that −1 + θ
θ+µ < 0.

Furthermore −µβ2
η2

< 0. Hence, the term in parentheses is negative. It can be concluded that
a2 < 0. I

(1)
E has real roots if ∆ = a2

1 − 4a2a0 > 0 and has at least one positive solution if
I

(1)
E1

· I
(1)
E2

= a0
a2

< 0. These conditions are satisfied if a0 > 0. Note that, the constant term of the
Eq. (5) satisfies

a0 = µ

η2
(ϵξ2 + n(1 − ϵ) + µ) (R02 − 1) > 0

Thus, the endemic equilibrium point of e-cigarette smokers exists when R02 > 1.
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3.2.3. The Endemic Equilibrium Point of Conventional Smokers
The endemic equilibrium point of conventional smokers represents the situation in which only
conventional smokers persist in the population, while e-cigarette smokers are eradicated. This
equilibrium point occurs when IK ̸= 0 and IE = 0. Mathematically, this condition is expressed
as S(2) > 0, I

(2)
K > 0, I

(2)
E = 0, R

(2)
1 > 0, P (2) > 0, R

(2)
2 > 0. The endemic equilibrium point of

conventional smokers is obtained as follows.

E(2) =
(
S(2), I

(2)
K , I

(2)
E , R

(2)
1 , P (2), R

(2)
2

)
where

S(2) =

(
1 + β1I

(2)
K

) (
C0B + C1I

(2)
K

)
Bη1

,

I
(2)
K = I

(2)
K ,

I
(2)
E = 0,

R
(2)
1 =

δI
(2)
K

(
m(1 − δ)ζ1I

(2)
K + Bξ1

)
B (θ + µ) ,

P (2) = m(1 − δ)I(2)
K

B
,

R
(2)
2 = λm(1 − δ)I(2)

K

Bµ
.

with
B = λ + µ + µp, C0 = δξ1 + m (1 − δ) + µ, C1 = δm (1 − δ) ζ1.

Substituting all equilibrium expressions into dS
dt = 0 yields a quadratic equation in I

(2)
K ,

b2
(
I

(2)
K

)2
+ b1I

(2)
K + b0 = 0 (6)

where

b2 = −δm(1 − δ)ζ1
λ + µ + µp

+ θ δm(1 − δ)ζ1
(λ + µ + µp)(θ + µ) − µβ1δm(1 − δ)ζ1

η1 (λ + µ + µp) ,

b1 = −
(
δξ1 + m(1 − δ) + µ

)
+ θ δξ1

θ + µ
− µ

η1

(
δm(1 − δ)ζ1
λ + µ + µp

+ β1(δξ1 + m(1 − δ) + µ)
)

,

b0 = α − µ

η1

(
δξ1 + m(1 − δ) + µ

)
.

For the solution to have biological significance, I
(2)
K > 0 is required. Therefore, I

(2)
K is the positive

solution of the Eq. (6),

I
(2)
K =

−b1 +
√

b2
1 − 4b2b0

2b2

The coefficient b2 can be rewritten as,

b2 = δm(1 − δ)ζ1
λ + µ + µp

(
−1 + θ

θ + µ
− µβ1

η1

)
Since, all the parameter values are positive, we have 0 < θ

θ+µ < 1 it follows that −1 + θ
θ+µ < 0.

Furthermore −µβ1
η1

< 0. Hence, the term in parentheses is negative. It can be concluded that
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b2 < 0. I
(2)
K has real roots if ∆ = b2

1 − 4b2b0 > 0 and has at least one positive solution if
I

(2)
K1

· I
(2)
K2

= b0
b2

< 0. These conditions are satisfied if b0 > 0. Note that, the constant term of the
Eq. (6) satisfies

b0 = µ

η1
(δξ1 + m(1 − δ) + µ) (R01 − 1) > 0

Thus, the endemic equilibrium point of conventional smokers exists when R01 > 1.

3.2.4. The Endemic Equilibrium Point of Conventional and E-cigarette Smokers
The endemic equilibrium point of conventional and e-cigarette smokers corresponds to the
situation in which both types of smokers exist in the population. This equilibrium point arises
when IK ̸= 0 and IE ̸= 0. Mathematically, this condition is expressed as S(3) > 0, I

(3)
K > 0, I

(3)
E >

0, R
(3)
1 > 0, P (3) > 0, R

(3)
2 > 0. The endemic equilibrium point E(3) is obtained as follows.

E(3) =
(
S(3), I

(3)
K , I

(3)
E , R

(3)
1 , P (3), R

(3)
2

)
where

S(3) = (F1 + δζ1G)(1 + β1I
(3)
K )

η1
= (F2 + ϵζ2G)(1 + β2I

(3)
E )

η2
,

I
(3)
K = I

(3)
K ,

I
(3)
E = I

(3)
E ,

R
(3)
1 = δ(ξ1 + ζ1G)I(3)

K + ϵ(ξ2 + ζ2G)I(3)
E

θ + µ
,

P (3) = m(1 − δ)I(3)
K + n(1 − ϵ)I(3)

E

B
,

R
(3)
2 =

λ
(
m(1 − δ)I(3)

K + n(1 − ϵ)I(3)
E

)
Bµ

.

with
B = λ + µ + µp, F1 = δξ1 + m(1 − δ) + µ,

F2 = ϵξ2 + n(1 − ϵ) + µ, G = m(1 − δ)I(3)
K + n(1 − ϵ)I(3)

E

λ + µ + µp
.

Assume that R01 > 1 and R02 > 1. Under these conditions, E(0) is unstable to perturbations
in IK or IE . Although E(1) exists when R02 > 1, it becomes unstable if R01 > 1, because I

(1)
K

causes dIK
dt > 0. Similarly, E(0) is unstable when R01 > 1. Although E(2) exists when R01 > 1,

it becomes unstable if R02 > 1 because IE can invade, although at low levels. Therefore, all
equilibrium points are unstable. Since the feasible region is positive invariant and bounded,
solutions cannot diverge to infinity and must approach an equilibrium point within the biologically
feasible region. Therefore, the equilibrium E(3) exists when R01 > 1 and R02 > 1.

The equilibrium values I
(3)
K and I

(3)
E are obtained by solving the system. Since the closed-

form expressions are difficult to obtain, positive solutions corresponding to E(3) are calculated
numerically.

3.3. Stability Analysis
The linear approximation of a nonlinear system near an equilibrium point is given by the Jacobian
matrix. The Jacobian matrix is the basis for evaluating local stability through its eigenvalues
[23].
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3.3.1. Smoker-free Equilibrium Point (E(0))
From system Eqs. (1) and smoker-free equilibrium point, the Jacobian matrix is obtained as
follows.

J
(
E(0)

)
=



−µ a12 a13 θ 0 0
0 a22 0 0 0 0
0 0 a33 0 0 0
0 δξ1 ϵξ2 a44 0 0
0 a52 a53 0 a55 0
0 0 0 0 λ −µ


(7)

where
a12 = −η1

(
α
µ

)
, a13 = −η2

(
α
µ

)
, a22 = η1

(
α
µ

)
− δξ1 − m (1 − δ) − µ, a33 = η2

(
α
µ

)
− ϵξ2 −

n (1 − ϵ) − µ, a44 = −θ − µ, a52 = m (1 − δ) , a53 = n (1 − ϵ) , a55 = −λ − µ − µp.

Based on the Jacobian matrix Eq. (7), six eigenvalues are obtained as follows.
r1 = −µ,

r2 = η1
(

α
µ

)
− δξ1 − m (1 − δ) − µ,

r3 = η2
(

α
µ

)
− ϵξ2 − n (1 − ϵ) − µ,

r4 = −θ − µ = − (θ + µ) ,
r5 = −λ − µ − µp = −(λ + µ + µp),
r6 = −µ

The equilibrium point of the linear system is asymptotically stable if the real parts of
eigenvalues are negative [24]. Since every parameter is positive, the eigenvalues r1, r4, r5, and
r6 are negative. As a result, the stability of the smoker-free equilibrium point depends on the
eigenvalues r2 and r3. The eigenvalues r2 and r3 must be negative. The system at the smoker-free
equilibrium point is locally asymptotically stable if

η1 <
µ

α
(δξ1 + m (1 − δ) + µ) ⇐⇒ R01 =

η1
(

α
µ

)
δξ1 + m (1 − δ) + µ

< 1,

and

η2 <
µ

α
(ϵξ2 + n (1 − ϵ) + µ) ⇐⇒ R02 =

η2
(

α
µ

)
ϵξ2 + n (1 − ϵ) + µ

< 1.

When the stated conditions are satisfied, all eigenvalues evaluated at smoker-free equilibrium
point are negative. Thus, this equilibrium point is asymptotically stable. Conversely, if at least
one of these threshold conditions is not satisfied, that is, if R01 > 1 or R02 > 1, the smoker-free
equilibrium loses its stability, leading to one of the endemic equilibrium points.

3.3.2. Endemic Equilibrium Point of E-Cigarette Smokers (E(1))
The Jacobian matrix of the system evaluated at (E(1)) is obtained as follows.

J
(
E(1)

)
=



b11 −η1S(1) b13 θ 0 0
0 b22 0 0 0 0

b31 0 b33 0 −ϵζ2I
(1)
E 0

0 b42 b43 b44 ϵζ2I
(1)
E 0

0 b52 b53 0 b55 0
0 0 0 0 λ −µ


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where b11 = − η2I
(1)
E

1+β2I
(1)
E

− µ, b13 = − η2S(1)

(1+β2I
(1)
E )2

, b22 = η1S(1) − δ(ξ1 + ζ1P (1)) − m(1 − δ) − µ,

b31 = η2I
(1)
E

1+β2I
(1)
E

, b33 = η2S(1)

(1+β2I
(1)
E )2

− ϵ(ξ2 + ζ2P (1)) − n(1 − ϵ) − µ, b42 = δ(ξ1 + ζ1P (1)),

b43 = ϵ(ξ2 + ζ2P (1)), b44 = −θ − µ, b52 = m(1 − δ), b53 = n(1 − ϵ), b55 = −λ − µ − µp.

By solving |J(E(1)) − rI| = 0 the characteristic equation can be obtained, as follows.

(−µ − r)
(
η1S(1) − δ(ξ1 + ζ1P (1)) − m(1 − δ) − µ − r

)
(r4 + Y1r3 + Y2r2 + Y3r + Y4) = 0

where
Y1 = − (b55 + b44 + b33 + b11) ,

Y2 = b53ϵI
(1)
E ζ2 + b11b33 + b11b44 + b11b55 − b13b31 + b33b44 + b33b55 + b44b55,

Y3 = b53b11ϵI
(1)
E ζ2 − b44b53ϵI

(1)
E ζ2 − b11b33b44 − b11b33b55 − b11b44b55 + b13b31b44+

b13b31b55 − b31b43θ − b33b44b55,

Y4 = b11b44b53ϵI
(1)
E ζ2 − b31b53ϵI

(1)
E ζ2 + b11b33b44b55 − b13b31b44b55 + b31b43b55θ.

From Eq. (3.3.2), we obtain two eigenvalues, r7 = −µ which is negative since every parameter
are positive and

r8 = η1S(1) − δ(ξ1 + ζ1P (1)) − m(1 − δ) − µ < 0 ⇐⇒ η1 <
δ(ξ1 + ζ1P (1)) + m(1 − δ) + µ

S(1)

Using the definition of the basic reproduction number R01 = η1S(0)

δξ1+m(1−δ)+µ < 1, and noting
that S(1) ≤ α

µ = S(0) and P (1) > 0, we have

r8 ≤ (δξ1 + m(1 − δ) + µ)(R01 − 1) − δζ1P (1) < 0

Therefore, when R01 < 1, we obtain (δξ1 + m(1 − δ) + µ)(R01 − 1) < 0, and moreover
−δζ1P (1) < 0 further decreases r8, ensuring that r8 < 0. It’s implying that R01 < 1 is one of the
conditions for endemic equilibrium E(1) to be locally asymptotically stable.

The remaining eigenvalues are determined using equation

r4 + Y1r3 + Y2r2 + Y3r + Y4 = 0 (8)

Eq. (8) will have roots with negative real parts if and only if the following Routh-Hurwitz
conditions are satisfied.

Y1, Y2, Y3, Y4 > 0, Y1Y2 − Y3 > 0, Y1Y2Y3 − Y 2
3 − Y 2

1 Y4 > 0.

However, the Eq. (8) are highly complex result, making analytical verification of the Routh-
Hurwitz condition impractical. Therefore, numerical simulations are performed in the next
subsection to confirm the stability condition.

3.3.3. Endemic Equilibrium Point of Conventional Smokers (E(2))
The Jacobian matrix of the system evaluated at (E(2)) is obtained as follows.

J
(
E(2)

)
=



c11 c12 −η1S(2) θ 0 0
c21 c22 0 0 −δζ1I

(2)
K 0

0 0 c33 0 0 0
0 c42 c43 c44 δζ1I

(2)
K 0

0 c52 c53 0 c55 0
0 0 0 0 λ −µ


(9)
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where c11 = − η1I
(2)
K

1+β1I
(2)
K

− µ, c12 = − η1S(2)

(1+β1I
(2)
K )2

, c21 = η1I
(2)
K

1+β1I
(2)
K

, c22 = η1S(2)

(1+β1I
(2)
K )2

− δ(ξ1 + ζ1P (2)) −

m(1 − δ) − µ, c33 = η2S(2) − ϵ(ξ2 + ζ2P (2)) − n(1 − ϵ) − µ, c42 = δ(ξ1 + ζ1P (2)),
c43 = ϵ(ξ2 + ζ2P (2)), c44 = −θ − µ, c52 = m(1 − δ), c53 = n(1 − ϵ), c55 = −λ − µ − µp.

From matrix Eq. (9), by solving |J(E(2))−rI| = 0 the characteristic equation can be obtained,
as follows.

(−µ − r)
(
η2S(2) − ϵ(ξ2 + ζ2P (2)) − n(1 − ϵ) − µ − r

)
(r4 + Z1r3 + Z2r2 + Z3r + Z4) = 0 (10)

where

Z1 = − (c11 + c22 + c44 + c55) ,

Z2 = c52δI
(2)
K ζ1 + c11c22 + c11c44 + c11c55 − c12c21 + c22c44 + c22c55 + c44c55,

Z3 = − c11c52δI
(2)
K ζ1 − c44c52δI

(2)
K ζ1 − c11c22c44 − c11c22c55 − c11c44c55 + c12c21c44+

c12c21c55 − c21c42θ − c22c44c55,

Z4 = c11c44c52δI
(2)
K ζ1 − c21c52δI

(2)
K θζ1 + c11c22c44c55 − c12c21c44c55 + c21c42c55θ.

We obtain two eigenvalues, r9 = −µ which is negative and

r10 = η2S(2) − ϵ(ξ2 + ζ2P (2)) − n(1 − ϵ) − µ ⇐⇒ η2 <
ϵ(ξ2 + ζ2P (2)) + n(1 − ϵ) + µ

S(2)

Using the definition of the basic reproduction number R02 = η2S(0)

δξ2+n(1−ϵ)+µ < 1, and noting
that S(2) ≤ α

µ = S(0) and P (2) > 0, we have

r10 ≤ (ϵξ2 + n(1 − ϵ) + µ)(R02 − 1) − ϵζ2P (2) < 0

Therefore, when R02 < 1, we obtain (ϵξ2 + m(1 − ϵ) + µ)(R02 − 1) < 0, and moreover
−ϵζ2P (2) < 0 further decreases r10, ensuring that r10 < 0. It’s implying that R02 < 1 is one of
the conditions for endemic equilibrium E(2) to be locally asymptotically stable.

The remaining eigenvalues are determined using equation

r4 + Z1r3 + Z2r2 + Z3r + Z4 = 0 (11)

Eq. (11) will have roots with negative real parts if and only if the following Routh-Hurwitz
conditions are satisfied.

Z1, Z2, Z3, Z4 > 0, Z1Z2 − Z3 > 0, Z1Z2Z3 − Z2
3 − Z2

1Z4 > 0.

However, the Eq. (11) are highly complex result, making analytical verification of the Routh-
Hurwitz condition impractical. Therefore, numerical simulations are performed in the next
subsection to confirm the stability condition.

3.3.4. Endemic Equilibrium Point of Conventional and E-cigarette Smokers (E(3))
Due to the analytical complexity of determining the stability of the endemic equilibrium point of
conventional and e-cigarette smokers, we investigate its stability through numerical methods in
the next subsection.
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3.4. Parameter Sensitivity Analysis
Parameter sensitivity analysis was performed to assess the stability robustness of the model with
respect to uncertainty in parameter values, particularly for parameters that were assumed due to
limited empirical data. This approach allows for the identification of the parameters that most
influence the stability of the model.

Table 2: Parameter Values

Parameter Value Unit Source
α 1000 individual/day Assumed
µ 0.031 day−1 [17]

δ (proportion) 0.74 - [25]
β1 0.0005 individual−1 Assumed
ξ1 0.01 day−1 [18]
ζ1 0.0002 (individual · day)−1 Assumed

ϵ (proportion) 0.98232 - [26]
β2 0.0005 individual−1 Assumed
ξ2 0.01 day−1 [18]
ζ2 0.0002 (individual · day)−1 Assumed
m 0.02 day−1 [17]
n 0.00136 day−1 [26]
λ 0.2 day−1 [27]
µp 0.8 day−1 [27]
θ 0.4 day−1 Assumed

To quantify the influence of each model parameter on the basic reproduction numbers R01
and R02, the following formula is employed for given parameter ϕ in the Table 2.

CR0
ϕ = ∂R0

∂ϕ
× ϕ

R0

It should be noted that the larger the sensitivity index, the more influential the corresponding
parameter. The positive or negative sign of the sensitivity index indicates the direction of
the relationship between the parameter and R0. Positive sign implies that an increase in the
parameter increases R0, whereas a negative sign indicates that an increase in the parameter
decreases R0. Parameters with zero sensitivity indices have no impact on the reproduction
number and therefore do not affect the threshold behavior or the local stability.

Sensitivity indices were computed for all parameters. The results are summarized in the
Table 3 and Table 4.

Table 3: Sensitivity indices with respect to R01

Parameter Value Sensitivity Index Impact on R01

α 1000 1.00000 Increasing R01
η1 0.0000007 1.00000 Increasing R01
µ 0.031 -1.71101 Decreasing R01
δ 0.74 0.16972 Increasing R01
ξ1 0.01 -0.16972 Decreasing R01
m 0.02 -0.11927 Decreasing R01

Based on the sensitivity index results presented in the Table 3 and Table 4, it can be observed
that the parameters with the greatest influence on R01 and R02 are the recruitment rate (α),
the transmission rate of potential smokers to conventional smokers (η1), the transmission rate of
potential smokers to e-cigarette smokers (η2), and the natural death rate (µ). The transmission
rate (η1), (η2), and the recruitment rate (α) have sensitivity indices equal to one. This indicates
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Table 4: Sensitivity indices with respect to R02

Parameter Value Sensitivity Index Impact on R02

α 1000 1.00000 Increasing R02
η2 0.0000005 1.00000 Increasing R02
µ 0.031 -1.75893 Decreasing R02
ϵ 0.98232 -0.20778 Decreasing R02
ξ2 0.01 -0.24049 Decreasing R02
n 0.00136 -0.00059 Decreasing R02

a linear influence on the reproduction numbers, meaning that increases in these parameters
significantly enhance the initial smoking potential and its spread. In contrast, the natural death
rate (µ) has a negative sensitivity index, implying a reducing effect on R01 and R02.

The remain parameter including β1, β2, ζ1, ζ2, λ, µp, and θ have zero sensitivity indices. Conse-
quently, variations in these parameters across a wide range of values do not alter the reproduction
number or local stability. These results confirm that this stability is robust and does not depend
on the specific values assumed for these parameters.

From the sensitivity analysis, it is evident that the reproduction number is primarily driven
by the recruitment rate (α), the transmission rate of potential smokers to conventional smokers
(η1), the transmission rate of potential smokers to e-cigarette smokers (η2), and the natural
death rate (µ). This suggests that the spread of smoking behavior is mainly governed by these
parameters.

3.5. Numerical Analysis
In this subsection we investigate the stability of equilibrium points numerically. This simulation
uses the parameter values from Table 2. However, the transmission parameters η1 and η2 are
varied based on the analytical conditions for the existence and stability.

3.5.1. Smoker-Free Equilibrium Point
Based on Eq. (3.3.1) and (3.3.1), if the system satisfies η1 < 0.0000013516, equivalent to R01 < 1,
and η2 < 0.0000012663, equivalent to R02 < 1, then the system is asymptotically stable at the
smoker-free equilibrium point. Using the parameter values η1 = 0.0000007 and η2 = 0.0000005, the
reproduction number and eigenvalues were obtained as R01 = 0.518, R02 = 0.395 and eigenvalues
r1 = −0.031, r2 = −0.021, r3 = −0.025, r4 = −0.431, r5 = −1.031, r6 = −0.031. Based on
eigenvalues and basic reproduction number, smoker-free equilibrium point is asymptotically
stable at E(0) = (32 202, 0, 0, 0, 0, 0).

3.5.2. Endemic Equilibrium Point of E-cigarette Smokers (E(1))
R02 > 1 guarantees the existence of this equilibrium. R02 > 1 is equivalent to η2 > 0.0000012663.
Thus, we use η2 = 0.000005 to analyze this equilibrium point. Based on the eigenvalue r8 we
obtained from the Jacobian matrix, η1 = 0.0000007 was chosen.

Consequently, by solving the system with the given parameter values, the basic reproduction
numbers were obtained as R01 = 0.518 and R02 = 3.949. Furthermore, this equilibrium point is
obtained as follows.

E(1) =
(
S(1), I

(1)
K , I

(1)
E , R

(1)
1 , P (1), R

(1)
2

)
= (27 434.06, 0, 4712.71, 107.65, 0.11, 0.71)

Next, we investigate the stability through the remaining eigenvalues of Eq. (3.3.2). The
remaining eigenvalues are determined using equation Eq. (8). The Routh-Hurwitz conditions are
obtained by substituting the parameter values given in Table 2 into the coefficients Y1, Y2, Y3
and Y4. We obtain the following coefficient values:

Y1 = 1.5389, Y2 = 0.5582, Y3 = 0.0363, Y4 = 0.0006.
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It satisfies the conditions Y1, Y2, Y3, Y4 > 0 and Y1Y2 − Y3 > 0, Y1Y2Y3 − Y 2
3 − Y 2

1 Y4 > 0. All
the Routh-Hurwitz conditions are satisfied. Therefore, all roots of Eq. (8) have negative real
parts. Consequently, the endemic equilibrium point of e-cigarette smokers (E(3)) is asymptotically
stable.

3.5.3. Endemic Equilibrium Point of Conventional Smokers (E(2))
Furthermore, the parameter values were modified to η1 = 0.000007 since it guarantees the existence
of this equilibrium, namely when R01 > 1 equivalent to η1 > 0.0000013516. The transmission
parameter η2 = 0.0000005 was chosen since it satisfies the condition of the eigenvalue r10.

Consequently, by solving the system with the given parameter values, the basic reproduction
numbers were obtained as R01 = 5.179 and R02 = 0.395. Furthermore, this equilibrium point is
obtained as follows.

E(2) =
(
S(2), I

(2)
K , I

(2)
E , R

(2)
1 , P (2), R

(2)
2

)
= (25 656.93, 5526.36, 0, 147.78, 27.87, 179.83)

Next, we investigate the remaining eigenvalues of Eq. (10). The remaining eigenvalues are
determined using equation Eq. (11). The Routh-Hurwitz conditions are obtained by substituting
the parameter values into the coefficients Z1, Z2, Z3 and Z4. We obtain the remaining eigenvalues,
which are determined using equation Eq. (11). The Routh-Hurwitz conditions are obtained by
substituting the parameter values into the coefficients Z1, Z2, Z3 and Z4. We obtain the following
coefficient values:

Z1 = 1.5287, Z2 = 0.5431, Z3 = 0.0313, Z4 = 0.0005.

It satisfies the conditions Z1, Z2, Z3, Z4 > 0 and Z1Z2 − Z3 > 0, Z1Z2Z3 − Z2
3 − Z2

1Z4 > 0.
Hence, all the Routh-Hurwitz conditions are satisfied. Therefore, all roots of Eq. (11) have
negative real parts. Consequently, the endemic equilibrium point of conventional smokers (E(2))
is asymptotically stable.

3.5.4. Endemic Equilibrium Point of Conventional and E-cigarette Smokers (E(3))
This equilibrium point was obtained numerically using fsolve in Maple software after substituting
the parameter values into the system. Using η1 = 0.000007 which is equivalent to R01 > 1 and
η2 = 0.000005 which is equivalent to R02 > 1, since it guarantees the existence of this equilibrium
point. The procedure was performed using the following initial guesses: S(3) = 100 000, I

(3)
K =

10 000, I
(3)
E = 10 000, R

(3)
1 = 10 000, P (3) = 10 000, R

(3)
2 = 10 000, and numerical tolerance was set

to ensure the accuracy of the calculated solution to 10 digits. The results are given as follows.

E(3) =
(
S(3), I

(3)
K , I

(3)
E , R

(3)
1 , P (3), R

(3)
2

)
= (23 237.26, 4884.17, 3084.62, 230.34, 24.71, 159.39)

The validity of the equilibrium point is confirmed by substituting the obtained solution back
into the model equations, which provides ODE residuals on the order of 10−7 to 10−8. It is
verifying the equilibrium’s validity.

Subsequently, we investigate its stability with the Jacobian matrix through a numerical
method. Using Maple software, the eigenvalues are given as follows, r11 = −1.027, r12 =
−0.050 + 0.017i, r13 = −0.050 − 0.017i, r14 = −0.028, r15 = −0.033, r16 = −0.031. All eigenvalues
have negative real parts. Therefore, these numerical results show that the endemic equilibrium
point of conventional and e-cigarette smokers (E(3)) is asymptotically stable.

To obtain more accurate results, a numerical analysis of the Jacobian matrix was performed.
The transmission parameters η1 and η2 were intentionally excluded from this substitution, as they
serve as threshold parameters that determine the values of R01 and R02. As a result, we obtain
an eigenvalue, r16 = −0.031. The remaining eigenvalues are determined using Routh-Hurwitz
conditions. From this Routh-Hurwitz condition we obtain that η2 ≤ 0.0000078.
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Thus, if we set η2 = 0.0000078, the characteristic equation is given as follows:
1000000000000000r5+(−542332822000000000η1+1207317700000000)r4+(−619544624000000000η1+
196756790700000)r3 + (−59869404960000000η1 + 12339386900000)r2 + (−3113342497000000η1 +
336698020900)r − 60918253780000η1 + 3354863761 = 0 and we derive it using Routh-Hurwitz
conditions.

Based on the Routh-Hurwitz conditions, we obtain η1 < 0.000055. Both η1 and η2 satisfy
the R01 > 1 and R02 > 1 conditions. Hence, this equilibrium point is asymptotically stable if
both conditions are satisfied. Conversely, if both conditions are not satisfied, then at least one
eigenvalue becomes positive. For instance, if we set η1 = 0.00006 and η2 = 0.000009 then one
of the eigenvalues gives a positive number: r = 0.0062. However, if we set η1 = 0.00004 and
η2 = 0.000005, then all the eigenvalues are negative.

3.6. Numerical Simulation
3.6.1. Time Series
To verify the analytical results, numerical simulations were conducted. By varying the value of
η1 and η2, as explained in the previous subsection, we aim to further support the stability results.
Numerical simulations are generated using the parameter values in Table 2 and the initial values:
S(0) = 1520, IK(0) = 1600, IE(0) = 1400, R1(0) = 1150, P (0) = 110, R2(0) = 15, using MATLAB
Online with ODE45.

(a) (b)

(c) (d)
Fig. 2: Numerical Simulation of (a) Smoker-Free Equilibrium Point, (b) Endemic Equilibrium Point of
E-Cigarette Smoker, (c) Endemic Equilibrium Point of Conventional Smoker, (d) Endemic Equilibrium
Point of Conventional and E-cigarette Smokers

Fig. 2a shows that the populations of conventional smokers and e-cigarette smokers decrease
to 0, indicating no smokers remain in the population. Only the susceptible or potential smokers
population remains stable at value 32 202. This result is consistent with the analytical result and
confirms the stability of smoker-free equilibrium point. All compartments will face extinction
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except susceptible or potential smokers.
Furthermore, as simulated in Fig. 2b, the population of conventional smokers converges to 0,

while the e-cigarette smokers stabilize at 4712.71. The remaining compartments persist in the
population. It confirms the stability of the endemic equilibrium point of e-cigarette smokers we
obtained in the previous subsection.

Next, in Fig. 2c, the population of conventional smokers is stable at 5526.36, while the
population of e-cigarette smokers tends to 0. The susceptible or potential smokers exist in the
population. The remaining, such as individuals who have quit smoking, smokers with lung
cancer, and smokers who have recovered from lung cancer, remain in the population, although at
relatively low levels. It confirms the stability of the endemic equilibrium point of conventional
smokers we obtained.

Based on Fig. 2d, it is shown that both conventional smokers and e-cigarette smokers persist
within the human population. None of the compartments tend to 0, which indicates that smoking
behavior can be sustained in the human population over time. This simulation further supports
the conclusion that the endemic equilibrium of conventional smokers is asymptotically stable,
consistent with the results we obtained in the previous subsection.

Numerical simulation conducted in Fig. 2 illustrates the local stability of the four equilibrium
points obtained from the analytical results. The simulation focused primarily on variations in
the transmission rates η1 and η2. However, although transmission parameters determine the
initial intensity of smoking, the simulation did not reflect the effect of saturation in the spread of
smoking.

To determine the influence of the saturation effect on the spread of conventional smokers,
variations of the parameter β1 were introduced. The simulations are shown in the Fig. 3a. It
demonstrates that varying the value of β1 while keeping β2 constant in the endemic equilibrium
point of conventional smokers leads to changes in the conventional smokers population. When β1
is small, the conventional smokers population reaches relatively high levels. As β1 increases, the
population gradually decreases. This behavior indicates that the saturation effect of potential
smokers toward conventional smoking (β1) plays an important role in reducing the prevalence of
conventional smokers within the human population.

(a) Behavior of I2
K(t) under variations in β1 (b) Behavior of I1

E(t) under variations in β2

Fig. 3: Effect of saturation parameters on smoker populations.

Furthermore, to determine the extent of the saturation effect on the spread of e-cigarette
smokers, variations of the parameter β2 were introduced. From Fig. 3b, it can be concluded that
varying the value of β2 while keeping β1 constant in the endemic equilibrium point of e-cigarette
smokers also leads to changes in the e-cigarette smokers population. As the value of β2 increases,
the population of e-cigarette smokers declines. Therefore, the saturation effect of potential
smokers toward e-cigarette smoking (β2) plays an important role in reducing the population of
e-cigarette smokers in the human population.

The saturation effect also influences the behavior of IK and IE under the endemic equilibrium
point of conventional and e-cigarette smokers conditions. We use the same value to investigate
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the combined impact of saturation effects on the overall transmission dynamics under these
conditions. While keeping the other parameters fixed and varying β1 and β2 simultaneously, it
can be observed at the Fig. 4 that when β1 and β2 increase, both e-cigarette and conventional
smokers populations decrease significantly.

(a) (b)
Fig. 4: Behavior of (a) I3

K(t), (b) I3
E(t) under variations in β1 and β2

3.6.2. Multi-scenario Simulations
A range analysis (multi-scenario simulations) were used to conduct an extra range analysis in
order to address the uncertainty of assumed parameter values and confirm the robustness of the
qualitative stability. The assumed parameters β1, β2, ζ1, ζ2, θ were changed within ±20% of their
baseline values, while the other parameters remained constant. The analysis was conducted under
conditions where both IK and IE had positive values, as this case represented the dynamics of
interaction covering all parameters assumed in the system.

(a) (b) (c)

(d) (e) (f)
Fig. 5: Range Analysis for (a) S(3), (b) I

(3)
K , (c) I

(3)
E , (d) R

(3)
1 , (e) P (3), (f) R

(3)
2 .

By varying the assumed parameters by ±20% from the baseline value, a time series simulation
is produced in Fig. 5. Although the numerical values change as the baseline parameters are varied,
the qualitative stability behavior remains unchanged. There are no oscillations or divergent
patterns. IK and IE remain in the population and exhibit the same qualitative behavior as in
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the baseline scenario. Therefore, the qualitative stability of the system is robust with respect to
variations in the assumed parameters.

4. Conclusion
This study aims to develop and analyze a mathematical model of smoking behavior that classifies
between conventional smokers and e-cigarette smokers, incorporates interaction with lung cancer
patients, and considers the saturation effect on potential smokers as the number of smokers in
the population increases. This model has four equilibrium points. Its local stability is determined
using eigenvalue analysis and the basic reproduction number R0 as a threshold parameter. The
results show that when R01 < 1, R02 < 1, the smoker-free equilibrium point is asymptotically
stable, indicating that smoking behavior gradually disappears from the population. When
R01 < 1, R02 > 1, the endemic equilibrium point of e-cigarette smokers becomes asymptotically
stable, implying the persistence of e-cigarette smoking behavior. When R01 > 1 and R02 < 1,
the endemic equilibrium point of conventional smokers becomes asymptotically stable, implying
the persistence of conventional smoking behavior. Meanwhile, when R01 > 1 and R02 > 1, the
endemic equilibrium point of conventional and e-cigarette smokers becomes asymptotically stable,
implying the persistence of smoking behavior that always exists over time.

Numerical simulations confirm the analytical findings and show that the intensity of smoking
transmission affects the long term dynamics of the system. When transmission rates from
both conventional and e-cigarette smokers are lower, the population transitions faster toward
a smoker-free population. The saturation effect towards conventional smokers and e-cigarette
smokers plays an important role in reducing the conventional and e-cigarette smokers in the
human population.

Since this study classifies conventional cigarette smokers and e-cigarette users into two
mutually exclusive groups, transitions between smoking products (dual use) are not included in
this study. Allowing the transition between conventional smokers and e-cigarette smokers would
introduce coupling between the two smoking compartments. This coupling may influence the
overall threshold condition and lead to changes in equilibrium existence and stability. Therefore,
further research can be conducted for further analysis.

CRediT Authorship Contribution Statement
Binti Mu’alafi Suryantini: Conceptualization, Methodology, Formal Analysis, Software, Writ-
ing–Original Draft. Budi Priyo Prawoto: Conceptualization, Methodology, Writing–Review,
Validation.

Declaration of Generative AI and AI-assisted technologies
The authors acknowledge the use of generative artificial intelligence (AI) and AI-assisted tech-
nologies in the preparation of this manuscript. Specifically, Consensus AI was used to search for
relevant scientific literature, QuillBot and ChatGPT version 5.2 were employed to assist with
paraphrasing and improving grammatical quality. All intellectual contributions, interpretations,
and final decisions regarding the content of the manuscript were made by the authors. The use
of these technologies complies with ethical publication standards, and all AI-assisted content was
edited to ensure accuracy, originality, and integrity.

Declaration of Competing Interest
The authors declare no competing interests.

Binti Mu’alafi Suryantini 590



Stability Analysis of Smokers Behavior Model with Saturation Effects

Funding and Acknowledgments
This research received no external funding.

Data and Code Availability
All data and source code used in this research are freely accessible through public repositories.

References
[1] Badan Pusat Statistik, Percentage of population aged 15 years and over who smoked

tobacco within the last month by province (percent), 2025, [Online]. Available: https:
//www.bps.go.id, 2025.

[2] Global Adult Tobacco Survey, “Global adult tobacco survey (gats) indonesia report 2021,”
Kementerian Kesehatan Republik Indonesia, World Health Organization, Tech. Rep., 2021.
https://drupal.gtssacademy.org/wp-content/uploads/2024/11/GATS_Indonesia_
2021_CountryReport.pdf.

[3] S. Glantz, A. Jeffers, and J. P. Winickoff, “Nicotine addiction and intensity of e-cigarette
use by adolescents in the us, 2014 to 2021,” JAMA Network Open, vol. 5, no. 11, pp. 1–12,
2022. doi: 10.1001/jamanetworkopen.2022.40671.

[4] F. Hafidah, A. Apriningsih, C. Simanjorang, and L. Hanifah, “Determinants of electronic
smoking behavior among adolescents in indonesia (analysis of global youth tobacco survey
2019),” Public Health of Indonesia, vol. 10, no. 2, pp. 133–142, 2024. doi: 10.36685/phi.
v10i2.787.

[5] T. Jerzyński and G. V. Stimson, “Estimation of the global number of vapers: 82 million
worldwide in 2021,” Drugs, Habits and Social Policy, vol. 24, no. 2, pp. 91–103, 2023. doi:
10.1108/DHS-07-2022-0028.

[6] S. Sapru, M. Vardhan, Q. Li, Y. Guo, X. Li, and D. Saxena, “E-cigarettes use in the united
states: Reasons for use, perceptions, and effects on health,” BMC Public Health, vol. 20,
no. 1, pp. 1–10, 2020. doi: 10.1186/s12889-020-09572-x.

[7] Y. Y. Zhang et al., “The effect of e-cigarettes on smoking cessation and cigarette smoking
initiation: An evidence-based rapid review and meta-analysis,” Tobacco Induced Diseases,
vol. 19, no. 1, pp. 1–15, 2021. doi: 10.18332/TID/131624.

[8] A. O. Armencia et al., “Associations between smoking, stress, quality of life, and oral
health among dental students in romania: A cross-sectional study,” Medicina, pp. 1–21,
2025. doi: 10.3390/medicina61081394.

[9] Global Cancer Observatory, Cancer today globocan 2022 indonesia, 2022. https://gco.
iarc.who.int/media/globocan/factsheets/populations/360- indonesia- fact-
sheet.pdf.

[10] K. C. Thandra, A. Barsouk, K. Saginala, J. S. Aluru, and A. Barsouk, “Epidemiology of
lung cancer,” Wspolczesna Onkologia, vol. 25, no. 1, pp. 45–52, 2021. doi: 10.5114/wo.
2021.103829.

[11] A. Kundu et al., “Evidence update on the cancer risk of vaping e-cigarettes: A systematic
review,” Tobacco Induced Diseases, vol. 23, no. 1, pp. 1–13, 2025. doi: 10.18332/tid/
192934.

[12] J. D. Murray, Mathematical Biology: I. An Introduction (3rd ed.) Springer-Verlag, 2002.
[13] A. Zakiyyah, S. Bahri, and A. R. Putri, “Mathematical analysis of sexual violence dynamics

with recidivist perpetrators,” Jurnal Matematika UNAND, vol. 14, no. 4, pp. 411–423, 2025.
doi: 10.25077/jmua.14.4.411-423.2025.

Binti Mu’alafi Suryantini 591

https://www.bps.go.id
https://www.bps.go.id
https://drupal.gtssacademy.org/wp-content/uploads/2024/11/GATS_Indonesia_2021_CountryReport.pdf
https://drupal.gtssacademy.org/wp-content/uploads/2024/11/GATS_Indonesia_2021_CountryReport.pdf
https://doi.org/10.1001/jamanetworkopen.2022.40671
https://doi.org/10.36685/phi.v10i2.787
https://doi.org/10.36685/phi.v10i2.787
https://doi.org/10.1108/DHS-07-2022-0028
https://doi.org/10.1186/s12889-020-09572-x
https://doi.org/10.18332/TID/131624
https://doi.org/10.3390/medicina61081394
https://gco.iarc.who.int/media/globocan/factsheets/populations/360-indonesia-fact-sheet.pdf
https://gco.iarc.who.int/media/globocan/factsheets/populations/360-indonesia-fact-sheet.pdf
https://gco.iarc.who.int/media/globocan/factsheets/populations/360-indonesia-fact-sheet.pdf
https://doi.org/10.5114/wo.2021.103829
https://doi.org/10.5114/wo.2021.103829
https://doi.org/10.18332/tid/192934
https://doi.org/10.18332/tid/192934
https://doi.org/10.25077/jmua.14.4.411-423.2025


Stability Analysis of Smokers Behavior Model with Saturation Effects

[14] J. Juhari, Z. A. Fikrina, E. Alisah, and I. Sujarwo, “Dynamical analysis of modified
mathematical model of social media addiction,” CAUCHY: Jurnal Matematika Murni dan
Aplikasi, vol. 9, no. 2, pp. 310–319, 2024. doi: 10.18860/ca.v9i2.29225.

[15] Z. Zulaikha and D. M. Putri, “Mathematical stability analysis of bullying’ s impact on
student’ s mental health,” CAUCHY: Jurnal Matematika Murni dan Aplikasi, vol. 10, no. 2,
pp. 1043–1053, 2025. doi: 10.18860/cauchy.v10i2.33212.

[16] F. Meghatria and O. Belhamiti, “Predictive model of smoking social network intervention in
development of lung cancer,” pp. 1–22, 2024. doi: 10.22541/au.172446203.32150944/v1.

[17] F. I. Permatasari, “Analisis kestabilan model seitr pada penyebaran penyakit kanker paru-
paru akibat asap rokok,” MATHunesa: Jurnal Ilmiah Matematika, vol. 13, no. 1, pp. 73–87,
2025. doi: 10.26740/mathunesa.v13n1.p73-87.

[18] A. Noersena, Fatmawati, C. Alfiniyah, and A. Abidemi, “Mathematical modelling of
smoking behavior: Treatment and prevention optimal control,” Barekeng, vol. 19, no. 3,
pp. 2003–2016, 2025. doi: 10.30598/barekengvol19iss3pp2003-20167.

[19] R. K. Naji and A. A. Thirthar, “Stability and bifurcation of an sis epidemic model with
saturated incidence rate and treatment function,” Iranian Journal of Mathematical Sciences
and Informatics, vol. 15, no. 2, pp. 129–146, 2020. doi: 10.29252/ijmsi.15.2.129.

[20] Y. A. Adebisi, D. A. Bafail, and O. E. Oni, “Prevalence, demographic, socio-economic,
and lifestyle factors associated with cigarette, e-cigarette, and dual use: Evidence from
the 2017-2021 scottish health survey,” Internal and Emergency Medicine, vol. 19, no. 8,
pp. 2151–2165, 2024. doi: 10.1007/s11739-024-03716-2.

[21] R. E. Culbreth et al., “Dual use of electronic cigarettes and traditional cigarettes among
adults: Psychosocial correlates and associated respiratory symptoms,” Respir Care, vol. 66,
no. 6, pp. 951–959, 2021. doi: 10.4187/respcare.08381.

[22] F. Brauer, P. v. d. Driessche, and J. Wu, Mathematical Epidemiology. Springer-Verlag,
2008.

[23] S. Wiggins, Introduction to Applied Nonlinear Dynamical Systems and Chaos (2nd ed.)
Springer-Verlag, 2003.

[24] W. E. Boyce and R. C. DiPrima, Elementary Differential Equations and Boundary Value
Problems (11th ed.) John Wiley & Sons, Inc, 2017.

[25] P. Zhang et al., “Association of smoking and polygenic risk with the incidence of lung cancer:
A prospective cohort study,” British Journal of Cancer, vol. 126, no. 11, pp. 1637–1646,
2022. doi: 10.1038/s41416-022-01736-3.

[26] P. N. Lee, K. J. Coombs, and J. S. Fry, “Estimating lung cancer risk from e-cigarettes
and heated tobacco products: Applications of a tool based on biomarkers of exposure
and of potential harm,” Harm Reduction Journal, vol. 22, no. 1, pp. 1–22, 2025. doi:
10.1186/s12954-025-01188-x.

[27] J. Ahmed and M. H. A. Biswas, “Mathematical modeling and analysis the effect of smoking
for the dynamics of lung cancer,” Proceedings of the International Conference on Industrial
Engineering and Operations Management, pp. 1241–1252, 2021. doi: 10.46254/an11.
20210251.

Binti Mu’alafi Suryantini 592

https://doi.org/10.18860/ca.v9i2.29225
https://doi.org/10.18860/cauchy.v10i2.33212
https://doi.org/10.22541/au.172446203.32150944/v1
https://doi.org/10.26740/mathunesa.v13n1.p73-87
https://doi.org/10.30598/barekengvol19iss3pp2003-20167
https://doi.org/10.29252/ijmsi.15.2.129
https://doi.org/10.1007/s11739-024-03716-2
https://doi.org/10.4187/respcare.08381
https://doi.org/10.1038/s41416-022-01736-3
https://doi.org/10.1186/s12954-025-01188-x
https://doi.org/10.46254/an11.20210251
https://doi.org/10.46254/an11.20210251

	Introduction
	Methods
	Result and Discussion
	Model Formulation
	Equilibrium Point and Basic Reproduction Number
	The Smoker-free Equilibrium Point
	The Endemic Equilibrium point of E-cigarette Smokers
	The Endemic Equilibrium Point of Conventional Smokers
	The Endemic Equilibrium Point of Conventional and E-cigarette Smokers

	Stability Analysis
	Smoker-free Equilibrium Point (E(0))
	Endemic Equilibrium Point of E-Cigarette Smokers (E(1))
	Endemic Equilibrium Point of Conventional Smokers (E(2))
	Endemic Equilibrium Point of Conventional and E-cigarette Smokers (E(3))

	Parameter Sensitivity Analysis
	Numerical Analysis
	Smoker-Free Equilibrium Point
	Endemic Equilibrium Point of E-cigarette Smokers (E(1))
	Endemic Equilibrium Point of Conventional Smokers (E(2))
	Endemic Equilibrium Point of Conventional and E-cigarette Smokers (E(3))

	Numerical Simulation
	Time Series
	Multi-scenario Simulations


	Conclusion

